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« Sigmoid: 1/(1+eX)

« Hyperbolic tangent: tanh(x)=(ex-ex)/ (ex+e)

« RelLU: x (x>0); 0 (x<0)

e LeakyRelLU: x (x>0): ax (x<0)  a I aIE#K
» Softmax: eX/% _;"ed  nld/ — R
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(Nigri et al. 2019)
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(Perla. et al.2021)
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NN(Z & A kITElE - AE(Autoencoder)
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1. VAED L < & (Kingma & Welling 2013)

« VAEIZ— M0 AE & B Y BEEIICHEES 5 &R E
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e /XT X —% @& OIFELBO (evidence lower bound) &Kt TFEH
. pQ(Z,X)
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Reparameterization trick

* ELBOETRICH T DY > 7 U > 7l
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